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from sklearn.linear_model import LogisticRegression
1r = LogisticRegression() # f4EEZiEm)79 258
lr.fit(X_train, y_train)

# JHEER
y_pred = lr.predict(X_test)

# (EREE

from sklearn.metrics import confusion_matrix,classification_report

print('<-------- Confusion Matrix-------- >\n',confusion_matrix(y_test,y pred))
print('<-------- Classification Report-------- >\n',classification_report(y_test,y pred))

[[84@22 1273]
[ 5622 79672]]

--------- Classification Report--------»>
precision recall fl-score support
e 0.94 2.99 8.96 85295
1 0.98 9.93 8.96 85294
accuracy 8.96 176589
macro avg 0.9 9.96 8.96 170589
weighted avg 0.96 9.96 08.96 170589

# HESHES
param_grid = {'C': [@.1, 1, 10,100],# —AREIR10/=150
‘penalty': [ '11', '12']}

clf = GridSearchCV(LogisticRegression(), param_grid, cv=5)
clf.fit(X_train, y_train)

GridSearchcv
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I c—

GridSearchCV(cv=5, estimator=LogisticRegression(),
param_grid={'C': [0.1, 1, 1@, 100], 'penalty': ['l1', '12']})
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Logistic Regression Learning Curve LogReg Test Confusion (thr=0.95)
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